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Abstract: The model of giant magnetostrictive actuator based on least squares support vector machine and the experimental data
was developed to describe the hysteresis nonlinearity of giant magnetostrictive actuator. The results show that least squares support vec—
tor machine can fit experimental data accurately. In order to solve the model quickly only a half of experimental data were used for
modeling and the model based neural network was also built to make comparison with the model based on least squares support vector
machine. The results show that the displacement error of model based on least squares support vector machine is less than 1.2 pm
the displacement error of model based on neural network is more than 1.5 pm.
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